Classification Performance Metrics
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e ‘1’ — positive group or result

e ‘0’ —megative group or result
o Y — actual class

oq}— predicted class o3 -sn

e ‘True’ — prediction matches the actual class, Y =Y (correct classification)

e ‘False’ — prediction does not match the actual class, Y # Y (incorrect classification)
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Precision
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Imbalanced Dataset
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Metrics for Probabilistic Classifiers
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¥ RaC Receiver Operating Characteristics

+ Area Under Curve (AUC)
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True Positive Rate (TPR): synonym for recall, false Positive Rate (FPR): complement of specificity,
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Muiti—class performance
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Single-label multi-class classification
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TPy=72, FPy=10, FNj=S5,

TPBZG, FPB:7, FJVB :9,
TPCZQ, FPC:-B, FAIICZB.
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Metric Class A (80) | Class B (15) | Class C (5) 5 _ 2 Precision, - Recall,
Le = Precision, + Recall,
Precision | 72/82 ~ 87.8% | 6/13 =~ 46.2% | 2/5 = 40.0%
Recall 72/80 = 90.0% | 6/15 = 40.0% | 2/5 = 40.0%
F ~88.9% ~42.9% 40.0%
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Macro-averaging
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Micro—-averaging

Zc TPC
S (TP.+ FP,)

o S TP.
Recallpicro = Ec (TP, + FN,)

Precision,jcro =

23034 & Si\ﬂke—dw NIDT

Precisionicro, = Recallyyicro = F1 micro = Accuracy

S QO 2p 0~

TPy + TPy + TPy 724642
— 80.0%,

Precisionmicro = (TPy+ FPy) + (TPg+ FPg) + (TP- + FFy) T®+13+5 : -
M




