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J Figure 13.1: Single neuron visualization.
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Multi-layer model:
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Hidden layer
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Stop conditions
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Learning rate control
» Pre-defined number of epoch,

« Early stop conditions on loss or metrics changes
during training.

» Exponential decrease as function of an epoch.

o Loss or metrics related, for example loss does not
decrease for a few epochs
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» Pre-defined number of epoch,
« Early stop conditions on loss or metrics changes
during training.

« Exponential decrease as function of an epoch.

e Loss or metrics related, for example loss does not
decrease for a few epochs

» Constant, pre-defined.
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